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Asks before taking actions

Sandbox that need approval.
Runs in a secure, isolated ~ Injection Protection

environment. ue‘ J Built-in safeguards against
prompt injection.

BRIEFN
> 03:36 / 11:37

Both enable Al to use computers @ Different strengths, same goal

Automate tasks, interact with apps, and get things done. Choose the right tool for your workflow.

SaFNEF Codex & Claude Computer-Use

[1] https://platform.claude.com/docs/en/agents-and-tools/tool-use/computer-use-tool
[2] https://o.doubao.com/
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[1] https://www.anthropic.com/news/3-5-models-and-computer-use

[2] https://openai.com/zh-Hans-CN/index/computer-using-agent

[3] https://blog.google/innovation-and-ai/models-and-research/google-deepmind/gemini-computer-use-model/

[4] https://qwen.ai/blog?id=qwen3.7-plus

[5] https://seed.bytedance.com/en/seed2 1 6
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[1]1 Qin, Yujia, et al. "Ui-tars: Pioneering automated gui interaction with native agents." arXiv preprint arXiv:2501.12326 (2025).
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2. Capability: GUI Grounding
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X Direction Data
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[1] Tang, Fei, et al. "GUI-G*: Gaussian Reward Modeling for GUI Grounding." Proceedings of the AAAI Conference on Artificial Intellige
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2. Capability: GUI Grounding
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Reward Std
o o

Policy Model
(GUI Agent)

(a) Sparse reward training dynamics. (b) Distance convergence comparison.
CAD Dev Creative Scientific  Office oS Avg.
Model Text Icon Text Icon Text Icon Text Icon Text Icon Text Icon Text Icon Avg:
UI-TARS-7B 208 94 584 124 500 9.1 639 31.8 633 208 30.8 169 47.8 16.2 35.7
UL-TARS-72B 188 12.5 629 172 57.1 154 646 209 633 264 42.1 157 509 176 38.1
GUI-G*-7B 558 12.5 688 172 57.1 154 77.1 245 74.0 32.7 5§79 21.3 64.7 19.6 47.5

[1] Tang, Fei, et al. “GUI-G* Gaussian Reward Modeling for GUI Grounding.” Proceedings of the AAAI Conference on Artificial Intellige, AAAI 2026
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2. Capability: GUI Grounding
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[1] Tang, Fei, et al. “GUI-G* Gaussian Reward Modeling for GUI Grounding.” Proceedings of the AAAI Conference on Artificial Intellige, AAAI 2026
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EXEMES, XUWEH 1J|| 2B test-time H1L
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[1] Du, Yong, et al. “Test-time reinforcement learning for gui grounding via region consistency.” Proceedings of the AAAI
Conference on Artificial Intelligence. Vol. 40. No. 36. 2026. AAAI 2026

[2] Liu Yizhou, Tang Fei, et al. Label-free GUI Grounding via Confidence-guided Negative Reinforcement Learning[EB/OL].
OpenReview, 2026. ECCV 2026
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[1] Lu, Zhengxi, et al. “Ui-s1: Advancing gui automation via semi-online reinforcement learning.” arXiv preprint arXiv:2509.11543 (2025). ACL 2026
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[1] Tang, Fei, et al. “GUI-SAGE: Enhancing GUI Automation with Self-Explanatory Learning.” Proceedings of the IEEE/CVF Conference on Computer Vision and Pattern Recognition. 2026. CVPR 2026
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3. Scaling: Online RL Scaling
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1] Tang Fei, Lu Z, Zhang B, et al. Clawgui: A unified framework for training, evaluating, and deploying gui agents[J]. arXiv preprint arXiv:2604.11784, 2026. i ] Va=a N
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3. Scaling: ClawGUI-RL Demo
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3. R RIR — reward B1Z + agent 17 AR L + FREIIZk 60 steps +

[1] Tang Fei, Lu Z, Zhang B, et al. Clawgui: A unified framework for training, evaluating, and deploying gui agents[J]. arXiv preprint arXiv:2604.11784, 2026.
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s o WITGRRGREEEEECELEEEEE ===
Update Figure 2 months ago rl-training mobile-agent  onliner! It's called ClawGUI. @ 9h 1 5 K + *ﬁg 9= E E
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) ) o [0 Readme It got 3 modules and 1 framework. ' '
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&8 Apache-2.0 license : :
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' '
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[ CONTRIBUTING.md Remove dividers 2 months ago ¥ B2forks SlaCk’ DiSCOrd, and 9 more platforms 11:47 PM - Apr 15, 2026 - 9,550 Views
Report repository
[3 LICENSE docs: add Apache 2.0 LICENSE and add License link to RE... 2 months ago .
Their 2B model outperformed Qwen3-VL-32B. 16x smaller. Better Qs QR ¥ss [ 40 &
[ README.md feat(voice): add STT voice input support 3 weeks ago Releases 3 results. Relevantv View quotes >
[ README_zh.md feat(voice): add SIT xoic input support — 3 weeks ago © zlah\;vz/u;;app—vOSJ Qﬁ)
é |t}] u b E *IT\1 K )= The gap between Al research and your actual phone just closed.
+ 2 releases > DailyPapers & @HuggingPapers - Apr 19 A -
[0 README  Ax Contributing &3 Apache-2.0 license 7z = = = WildDet3D, Seedance 2.0 by ByteDance, and agentic Al frameworks top
Reauastar [SenvegSide] Conralllad Paviea this week's research
Packages - S | This week on Hugging Face Daily Papers:

Qo

No packages published

. . - WildDet3D (238 upvotes) - Breakthrough in promptable 3D detection
Publish your first package

supporting text, point, and box prompts across 13.5K categories in the wild
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ClawGUI: A Unified Framework for Training, Evaluating,
and Deploying GUI Agents Languages 0.
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1. WildDet3D . GameWorld
* 2. Seedance 2.0 . RationalRewards
3. ClawGUI . KnowRL
4. The Past Is Not Past . FORGE
5. QuanBench+ . HY-World 2.0

FEEELLEEEL]
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e R ]

CEEEL EEEE] |

python | 3.12 | License [Apache 2.0 M@ ECICURREI [y arxiv 2604.11784 | @ Daily b
Shell 3.0% P
@ HugaingFace f¢ 2BY * ModelScope ClawGUI-28 | @iProject [Page

Jupyter Notebook 0.5%

Python 83.5% @ Kotlin 12.7%

L]

® TypeScript 0.2%

o Dockertile 0.1% 5:00 AM - Apr 18, 2026 - 15.8K Views i v o o N

[1] Tang Fei, Lu Z, Zhang B, et al. Clawgui: A unified framework for training, evaluating, and deploying gui agents[J]. arXiv preprint arXiv:2604.11784, 2026.
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4. Evolving: EvoSkill-GUI
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| (A) Structured Skill Package H (B) Execute—Revolution—Revise Self-Evolution Framework Method Chrome GIMP LibreOffice Multi-Apps OS Thunderbird VLC VS Code Overall
| | Cale Impress Writer
: H —~ — N Current e I e e e LD TR General Closed-Weights Models

LEa sty uisy Metadata: intent , app... | oy P E s | : i ) Claude-Sonnet-4.5 (Anihropic, 2026) 564 577 660 S5 652 470 708 66.7 529 696  S81
: = v ] I = | Information Isolation | Qwen3-VL-Flash (Bai et al., 2025) S64 423 23.0 S1O 565 220 54.2 66.7 U4 696 416
| B at1y.utiispy s : | | I | Specialized Open-Weights Models
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| 9 | l l l i ! ecutor Critic | Computer-Use-Preview 369 346 149 297 261 15.8 70.8 66.7 118 696 312
| B backupmd @ — | i = } | OpenCUA-32B (Wang etal, 2026a) 456 654 128 425  39.1 146 609 46.7 235 652 351
| B planmd P | o o e o e ‘ I3 Gurrent Observe () Instruction I EvoCUA-8B (Xue etal., 2026) 543 846 208 382 522 255 750 733 448 652 46l
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& iti c 2 " 3
| B recoverma {) Recover: Howto rocover | pncitos n-foheut olata ritique prerone| HI€D ocont vistory — o | GUI-OWI-1.5-32B (Yeetal. 2025b) 666 769 489 638  60.9 273 762 86.7 374 870 554
| failure_examples/ : o~ s ~ | ol “creenshots } Skill-based Works
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4 Evolving: ClawGUI-Skill

ClawGUI-Skills: Training-Free Self-Evolving GUI Skills

English | 232

ClawGUI-Skills implements the self-evolving skill architecture proposed and validated in our paper “Reflect, Revise, Reuse: Training-Free
Skill Evolution for GUI Agents.” It turns GUI task experience into structured, retrievable, auditable, and editable skill packages so
PhoneAgent can reuse and revise procedural knowledge without parameter training.

Features

« Structured skill packages with meta_info.json, plan.md , backup.md , recover.md ,and failure_examples/ .
« Metadata-first retrieval so the full skill library is never blindly injected into context.
« Budgeted skill injection with top-1 skill context and skill_max_context_chars .

« Paper prompt pipeline: with a configured model endpoint, skill generation follows the paper's three-step meta+plan -> backup ->
recover prompts, and failed runs use the isolated verifier plus skill_revise prompt to edit packages through restricted file tools.

« Failure examples stored as reusable lessons for future tasks.

« Versioning and audit logs through versions/, edits.jsonl,and runs.jsonl.
Modes ClawGUI-Skill £5% SEHR skill 34

Mode Behavior
of f Default. No retrieval, injection, or evolution

trace Record trajectories only

reuse Retrieve and inject existing skills, without editing them

Retrieve or build a skill package, diagnose and revise after failure, and let PhoneAgent retry immediately when a revision is

evolve
produced

[1] Reflect, Revise, Reuse: Training-Free Skill Evolution for GUI Agents
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